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Data drives modern business, but raw data is often a mess. Teams grapple with 
inconsistent formats, missing values, duplicate entries, and siloed information scattered 
across systems. Before data can fuel accurate analytics or personalized customer 
experiences, it must be cleaned and organized. Achieving this has traditionally required 
technical heavy lifting, writing scripts, building ETL pipelines, or constantly wrangling 
spreadsheets. Yet most organizations don’t have an army of data engineers on standby for 
daily cleanup.



We can think of data cleaning like tidying up a house. You wouldn’t concoct your own 
cleaning chemicals or study advanced chemistry every time you scrub the kitchen. You 
use simple, well-designed cleaning tools and products, a glass cleaner for windows, a 
degreaser for the stove, a disinfectant for surfaces, each with a clear purpose and easy 
instructions. In the same way, a no-code approach to data cleaning provides ready-made 
cleaning agents for your data. Instead of hand-coding every transformation or fix, teams 
can rely on intuitive tools customized to common data messes: one tool to reformat dates 
or prices, another to enrich records with missing context, another to connect data from 
different sources. The goal is to use the right tool for each job, rather than reinventing the 
solution from scratch.



Today, new no-code and AI-powered data preparation platforms make it possible for 
anyone, not just seasoned developers, to participate in cleaning and preparing data. This 
white paper explores how a no-code approach can help organizations achieve clean, 
structured, and searchable data faster and with less effort. We’ll examine why clean data 
matters more than ever, the pitfalls of traditional methods, and the key capabilities and 
benefits of modern no-code data tooling. Throughout, we’ll see how the right intelligent 
data toolkit can turn messy data into useful output, empowering teams to unlock better 
decisions and experiences from their data.


Introduction

2

The hidden costs of messy data

Poor data quality is more than just a nuisance; it quietly drags down productivity and 
performance. Businesses lose an average of $15 million each year due to poor data quality, 
and across the U.S. economy the impact may exceed $3.1 trillion. Employees can spend up 
to 27% of their time fixing data issues instead of creating value. When data is riddled with 
errors or inconsistencies, employees waste precious time fixing mistakes instead of 
focusing on their real jobs, creating a significant drain on productivity. Critical decisions get 
made on shaky information, which can lead to strategic missteps.



Bad data also damages relationships with customers. Imagine a customer receiving a 
personalized offer addressed to the wrong name, or a search on an ecommerce site 
returning irrelevant results because of poor product data. Inaccurate or disorganized data 
erodes customer trust. It makes your company look careless with information and 
undermines the experience you’re trying to deliver.
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Over time, this can tarnish your brand reputation and loyalty. Poor data quality disrupts 
operations, clouds decision-making, erodes customer trust, and exposes the business to 
compliance risks. 



The compliance piece is increasingly critical. With privacy regulations like Europe’s GDPR 
and California’s CCPA, companies are expected to know exactly what data they have and 
ensure it’s accurate and protected. Messy data can hide sensitive information or lead to 
mistakes in how personal data is handled, opening the door to serious regulatory 
violations. Failing to manage data properly could mean hefty fines or legal penalties under 
these laws. Simply put, messy data is a business liability. Addressing data quality is 
therefore not optional; it’s fundamental to operational excellence and risk management.



Finally, consider the opportunity cost. We live in an age of data abundance, with the global 
volume of digital information expected to continue its explosive growth in the coming years 
as digital activity accelerates worldwide. Yet sheer volume is meaningless without quality. 
Organizations may sit on vast troves of data, but if that data is not cleaned and 
contextualized, it fails to deliver insights or drive innovation. Poor data quality remains a 
significant issue in 2025. Many companies report losing $10–13 million per year on average 
due to flawed data operations, and data teams spend 30–40% of their time dealing with 
data quality problems instead of building value. This gap between raw data and useful data 
acts as a hidden tax on analytics and AI initiatives. In short, dirty data drains money, time, 
and trust. Clean data, by contrast, lays the groundwork for confident decisions, satisfied 
customers, and efficient, compliant operations.
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If clean data is so important, why do so many teams still struggle with it? The problem 
often lies in how organizations attempt to clean and manage their data. Traditional 
approaches are extremely cumbersome, especially as data grows in volume and 
complexity. Many teams rely on brittle Extract-Transform-Load (ETL) scripts, manual 
spreadsheet work, or periodic batch processing jobs to massage data into shape. 
While these methods can work in the short term, they have significant drawbacks that 
become pain points over time.



First, hand-crafted ETL pipelines and scripts tend to be fragile. A script written to 
handle last month’s data might break when this month’s data includes a new format or 
an edge case the original developer didn’t anticipate. Small changes, a new column 
added to a CSV export, an unexpected null value, or a slight tweak in how a source 
system defines a field can cause scripted data transformations to fail. Developers 
then have to scramble to patch the code. This brittleness means data quality 
processes often lag behind the evolving reality of the business. When the ETL breaks, 
the data going into your analytics or search index might be incomplete or stale until 
someone fixes it.



Second, manual data cleaning with spreadsheets or SQL queries doesn’t scale. It’s 
one thing to manually correct a few dozen rows of data; it’s another to do it for 
millions of records. Yet in the absence of better tools, many business analysts resort 
to dumping data into Excel or Google Sheets to fix inconsistencies. This approach is 
error-prone – human mistakes like a mis-sorted column or a bad copy-paste can 
introduce new errors even as you try to fix old ones. It’s also incredibly time-
consuming. Employees can end up spending a large chunk of their week just 
manipulating and reconciling data sets. That’s time not spent on strategic analysis or 
value-adding work.



Batch processing is another traditional tactic: for example, running a nightly job that 
cleanses and reimports data. But batch jobs introduce latency and inflexibility. If a 
critical error in the data is detected right after the batch runs, your team might have 
to wait 24 hours for the next cycle to see corrected data or run a risky ad-hoc fix. In 
fast-moving environments, this lag is frustrating. Batch processes also often fail to 
capture nuance. They apply one-size-fits-all rules that might not account for context. 
For instance, a batch script might truncate any text over 50 characters in a field, 
inadvertently cutting off important info, or it might drop records with missing fields 
that could have been salvaged with a default value. The nuance of different contexts, 
e.g., “prep data differently for mobile app search vs. web search,” often requires 
constant tweaks to the code.



All these approaches share a common theme: they depend heavily on engineering 
effort and are brittle. Every time a business user or a new situation asks, “Can we 
clean or structure the data this way instead?”, the request goes to an already-
stretched data engineering team. 

Why traditional data cleaning falls short
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It can take weeks of back-and-forth to implement a change in an ETL pipeline, only for 
requirements to change again later. Traditional data cleaning becomes a bottleneck that 
slows down projects and experiments. Improving data quality has been not just a technical 
necessity but a business imperative in many companies, yet the complexity and rigidity of 
traditional methods hold businesses back. The old ways simply aren’t keeping up with 
today’s need for agility and context-aware data tweaking.


The good news is that we’re no longer stuck choosing between messy data or costly, 
code-heavy cleanup processes. A new generation of no-code (and low-code) data 
preparation tools has reshaped the landscape. These platforms allow teams to clean, 
transform, and enrich data through visual interfaces and automation, rather than writing 
code line by line. The shift mirrors what we’ve seen in other areas of software: just as 
website builders and low-code app platforms empowered non-developers to create 
software, no-code data tools have opened data quality work to a broader range of users.



By now, adoption has reached a critical mass. Gartner’s earlier prediction proved 
accurate: around 70% of new enterprise applications are now built with low-code or no-
code technologies, compared with less than 25% in 2020. Over the past few years, 
citizen development initiatives have become mainstream, 41% of organizations run active 
programs, and another fifth have joined since. Nearly 60% of all custom apps are created 
outside traditional IT departments,  and 30% of those are built by employees with limited 
or no formal development background. These shifts mark a decisive cultural change: 
business teams are no longer passive consumers of data, they’re now active builders and 
curators.



Data management and preparation have been among the biggest beneficiaries of this 
movement. No-code tools allow subject-matter experts to shape, clean, and enrich data 
directly, without waiting in long engineering queues. This democratization of data work 
has helped organizations respond to issues faster, improve data quality continuously, and 
reduce dependency on scarce technical talent.



So, what does “no-code data cleaning” actually look like in practice? In essence, it 
provides an intuitive workbench for data, one that offers the sophistication of traditional 
data processing pipelines but wrapped in user-friendly packaging. Instead of writing a 
Python script to, say, normalize product category names, a user might select a 
“Normalize Text” action in a visual menu, point it at the product category field, and 
specify the formatting rules through a few clicks or a natural language prompt. Modern 
no-code platforms often incorporate AI assistance as well, making the tools even more 
powerful. In practice, cleaning usually happens before any rule-based enrichment. 



A no-code tool lets users handle both steps in the same workflow. For instance, they can 
start by standardizing raw fields, converting all dates into “YYYY-MM-DD,” normalizing 
price formats coming from dissimilar spreadsheets, or stripping HTML tags from product 
descriptions without writing a single line of Python or touching an ETL pipeline. 

No-code data cleaning: a new approach

The no-code approach to clean data
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These are the kinds of foundational data-quality tasks that traditionally require engineering 
work but can now be done through simple menu actions or natural-language prompts. 
Once the raw data is consistent and structured, the same interface can be used to apply 
business logic. For example, you could simply describe what you want to do in plain 
English: “Tag all dresses under $100 as ‘Budget,’” and let the system generate the 
transformation logic automatically. Under the hood it might create a rule or formula, but 
you as the user don’t have to write or even see that code. The result appears almost 
instantly: every dress item with a price < $100 gets a new “Budget” tag field populated, 
without a single line of script written by you.



This approach drastically lowers the barrier to achieving clean, useful data. It also covers 
the basic cleanup work, putting fields into consistent formats, fixing obvious errors, and 
handling missing or mismatched values before any higher-level adjustments are made. 
Business users and subject-matter experts can directly handle many data quality tasks 
themselves, instead of filing tickets for engineers. A merchandiser or marketing manager 
who knows the data’s context can log into a no-code data tool and adjust how the data is 
structured or labeled, all through menus and drag-and-drop controls. One such platform 
emphasizes that no coding is required. Users can rely on plain-English prompts or simple UI 
controls to perform complex transformations. Meanwhile, developers aren’t cut out of the 
picture; they can focus on higher-order problems and integrate these tools into the larger 
data stack. In fact, a well-designed no-code data tool will allow technical users to extend 
or customize as needed, for example, by plugging in an API or writing an advanced formula 
for an edge case, while still letting less technical colleagues handle routine tasks. The net 
effect is faster, more flexible data preparation with far less maintenance overhead. Teams 
can iterate on data changes in hours instead of weeks, supporting rapid experimentation 
and adaptation.



In summary, a no-code approach to clean data means bringing the power of data 
transformation to the people who need the data, without requiring a Ph.D. in data 
engineering. It’s about tools that are as accessible as consumer apps yet capable of 
enterprise-grade data processing. With these tools, teams can reach clean data faster and 
then build on that foundation with richer, better-structured information that supports 
whatever they need to do next, all without requiring advanced coding skills or a data 
science degree. Just as a well-designed household cleaning gadget simplifies chores for 
anyone, a well-designed no-code data platform empowers anyone in your organization to 
tidy up and enhance data. In the following sections, we will explore the core capabilities to 
look for in such a platform and how they address the shortcomings of traditional methods. 
We’ll also look at real-world scenarios in which these capabilities prove invaluable.
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Not all data preparation tools are created equal. To truly replace or augment traditional 
coding approaches, a no-code data platform needs to cover a broad range of data quality 
functions. Based on industry best practices (and the challenges we discussed earlier), 
three core capabilities emerge as essential: data transformation, data enrichment, and 
robust integrations. Together, these capabilities enable an end-to-end solution for clean, 
contextual data. Let’s break down each of these pillars and why they matter.


At the heart of any data quality effort is the transformation step: taking raw data and 
converting it into a useful, structured format. A no-code tool should allow users to perform 
all the typical cleaning and shaping tasks through an easy interface. This includes 
removing or fixing bad data, filtering out junk records, correcting obvious errors, 
standardizing formats (e.g., making dates or addresses consistent), and restructuring data 
to fit the needs of different contexts.



For instance, imagine you have an ecommerce product catalog with a mix of text and 
numeric fields. With a no-code transformation tool, a merchandising manager could:



Eliminate irrelevant or “junk” fields, such as an internal notes field, by removing them 
entirely from the record through a simple checkbox or field toggle in the visual schema 
view. No-code transformations can also help users remove whole records when they do 
not meet the required criteria

Key capabilities for no-code data quality

Data transformation: clean, shape, and organize your data

The no-code approach to clean data
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Create new dynamic attributes without writing code. For example, combine a product’s 
length, width, and height fields into a single “dimensions” attribute, or compute a 
“discount percentage” from the price and sale price fields. These derived fields can be 
set up with a formula builder or AI suggestion rather than manually computed offline



Apply custom ranking logic by generating a score field. If you want to increase search 
relevance for new products, you might add a transformation that calculates a higher 
rank score for items added in the last 30 days. A technical user could write this in code 
if needed, but a no-code UI could also guide a non-technical user through selecting the 
date field and defining the rule



Crucially, a robust platform will handle these transformations in real-time or near-real-time 
as data is ingested, not just in infrequent batches. This means your index or database 
always reflects the latest transformation rules you’ve set, without lag. Unlike brittle custom 
scripts, these transformations are managed by the platform’s engine to provide a more 
predictable and reliable process.


Modern no-code systems are also incorporating AI-assisted transformations to make this 
even easier. We touched on this earlier—you can describe a desired data operation in plain 
language and let the tool figure out the details. For example, “Group product sizes into 
Small, Medium, Large based on their measurements” could be translated by an AI into a 
series of if-then rules or a clustering operation. The user saves time and doesn’t need to 
know the exact syntax for creating size buckets. They just confirm that the result looks 
right. This AI assistance speeds up routine tasks by generating the underlying 
transformation logic for the user.



In short, data transformation in a no-code tool grants you an editing room for your data. 
You can cut out the bad parts, enhance the good parts, and rearrange things as needed, 
all with simple actions. The outcome is cleaner, well-structured data that’s ready for use. 
For example, Algolia’s Intelligent Data Kit provides a visual interface where users, technical 
or not, can do exactly these kinds of transformations, from cleaning irrelevant fields to 
creating custom groupings, without writing scripts. The result is faster time to value—
teams spend less time wrestling with data and more time using it to drive search relevance, 
analytics, or AI models.


The no-code approach to clean data
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Cleaning and structuring your existing data is vital, but often it’s not enough. Sometimes 
the data itself is incomplete or lacks context that could make it far more powerful. This is 
where data enrichment comes in. Data enrichment means enhancing your records with 
additional information, often by pulling in external data or using AI to generate new 
attributes. A no-code platform with enrichment capabilities allows you to do this without 
complex integration projects.


Consider a retail example: you have basic 
product data (name, price, category), but 
you’d love to have sentiment or trend data 
for each product based on social media or 
reviews. In the past, adding such context 
might require a data scientist to merge 
datasets or call external APIs in a script. In a 
no-code world, a business user could 
connect an enrichment service in a few 
clicks. 

No-code connectors might let you fetch data from a service that provides sentiment 
analysis on product reviews, and then automatically attach a “sentiment score” to each 
product record in your database.



Another common enrichment use case is geographical or location data. Suppose you have 
customer addresses but want latitude/longitude coordinates for mapping or want to tag 
each customer with their nearest store. A no-code tool could integrate with an API like 
Google Maps Geocoding: the user selects the address field and chooses “Add 
Geolocation,” and the platform handles querying the external API and adding new fields for 
coordinates. All of this happens behind the scenes, no custom code required. In fact, 
Algolia’s platform has the ability to pull in real-time data from APIs like Google Maps, or 
even business systems like Stripe, directly into your data pipeline via pre-built connectors. 
This can enrich search results or user experiences with up-to-date external info. For 
example, showing current stock availability via an inventory API or translating content on 
the fly via a translation API like DeepL to enrich a multilingual search index.


Data enrichment: add context and meaning with AI

The no-code approach to clean data
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This is another powerful feature. AI can infer or create new data from your existing data. 
For instance, you might use an AI model to categorize support tickets by topic, to tag 
images with detected objects, or to predict a user’s lifetime value score based on their 
behavior. Traditionally, doing this means involving data scientists and ML engineers. But a 
no-code approach could offer these enrichments as plug-and-play modules. You might see 
an option like “Categorize text by topic (AI).” Clicking it could apply a pre-trained language 
model to add a “Topic” field to each record of unstructured text like a customer feedback 
comment, with the model’s best guess at a category. All you, as the user, had to do was 
decide that you want that enrichment and perhaps provide a few example categories. The 
heavy lifting of the model happens under the hood.



The key benefit of enrichment is adding context and depth to your data. Clean data is 
good; clean and contextual data is even better. Enrichment can turn a flat dataset into a 
rich one, unlocking use cases like: 


A well-designed no-code platform will make enrichment straightforward. It might provide a 
gallery of connectors and AI enrichers to choose from. The user just picks what extra data 
or intelligence they want to add, and the platform handles the integration and updating of 
records. For example, Algolia’s Intelligent Data Kit includes a feature called “Fetch” that 
connects to external sources via API and pulls data automatically so your index is always 
up-to-date. Early iterations of such a toolkit show that enrichment can be scheduled or 
triggered in real-time, meaning your data stays fresh without manual updates. In sum, data 
enrichment turns your clean data into smart data. It’s like adding annotations and context 
that make the data more meaningful and useful for whatever task is at hand.


Personalization: by enriching user 
profiles with, say, their weather or local 
time via an API or their engagement 
level via an AI prediction, you can serve 
more relevant content to them



Search and discovery: enriched 
product data with synonyms, tags, 
descriptions, etc. yields search results 
that feel intuitive and “smart” because 
the search index understands more 
about each item 


Analytics and BI: enrichment can bring 
in industry benchmarks or demographic 
data that allow deeper analysis without 
manual joins and VLOOKUPs across 
spreadsheets

AI-driven attribute enrichment

The no-code approach to clean data
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The final pillar is integration. Even the best cleaning and enrichment tools won’t help if they 
exist in a vacuum. Real-world organizations have complex data ecosystems, often 
including multiple databases, SaaS applications, analytics tools, and customer-facing 
platforms. A no-code data solution must integrate smoothly with this existing stack. That 
means both ingesting data from various sources and outputting or syncing the cleaned 
data to where it needs to go all with minimal custom coding.



On the input side, consider the variety of data sources a company might use: an 
ecommerce retailer could have product info in a PIM (Product Information Management) 
system, inventory levels in an ERP, customer data in a CRM, and clickstream events in a 
web analytics platform. Traditionally, you’d write custom ETL jobs to extract from each of 
these and unify the data. In a no-code scenario, you should be able to use pre-built 
connectors or importers for common systems. For example, a connector for Salesforce to 
pull customer records, another for Shopify to pull product and order data, and one for a 
SQL database, etc. The user might simply enter credentials or API keys for each source 
and then visually map the data into the central system. The no-code platform can handle 
syncing and updating from these sources on a schedule or in real-time, so you’re not stuck 
with stale CSV exports.


The phrase “seamless integration” also implies that adding these connections doesn’t 
introduce a lot of friction or new headaches. In other words, you shouldn’t have to be a 
developer to connect system A to system B. This is why no-code connectors are 
emphasized. Connectors to popular APIs such as Stripe or Google Maps are good 
examples of external data integration done in a no-code fashion. This extends the power 
of the tool beyond just your internal databases.

On the output side, integration means once 
the data is cleaned and enriched, it can 
easily flow to the applications that consume 
it. If your use case is search, the platform 
might feed directly into your search index 
(as Algolia’s does, since the toolkit is 
integrated with the search index). If the use 
case is analytics, the platform might push 
the cleaned data to a data warehouse or BI 
tool. Many no-code platforms support 
webhooks or API calls so they can send data 
to wherever it’s needed without custom 
code. For instance, after transforming data 
you might want to send a summary report to 
Slack. A no-code tool could let you create 
that workflow by clicking “Send to Slack” 
and configuring a message template.


Seamless integrations: connect your entire data stack

The no-code approach to clean data
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It’s an acknowledgment that valuable data might live in third-party services and can be 
pulled in on the fly to enrich results— take for example pulling live exchange rates from a 
finance API to display prices in the user’s currency.



From a developer/IT perspective, having a centrally managed but flexible integration layer 
is also a relief. It reduces the proliferation of one-off scripts running on cron jobs 
throughout the organization. Instead, connections are configured in one platform with 
proper monitoring and error handling. It’s easier to troubleshoot and maintain because you 
have a unified view of how data flows. Ideally, the platform would also provide 
transparency and logging if something fails to sync or an API returns an error, a non-
engineer should get a clear notification or visual cue in the interface, rather than a silent 
failure. This builds trust that the data pipeline is reliable.



One of the most profound benefits of adopting a no-code approach to data cleaning is the 
empowerment it brings across an organization. Data quality is no longer solely the domain 
of specialized IT staff or data engineers. It becomes a shared responsibility and capability. 
Let’s consider how this plays out for different personas.


Algolia describes this approach as providing a unified view of an organization's data, 
complete with metadata, quality insights, and relationships that support trust, 
transparency, and control across the enterprise. 


That kind of holistic visibility is only achievable when integration is smooth. It ensures 
everyone is working off the same clean dataset, and new insights or updates propagate 
without delay.


In summary, seamless integrations in a 
no-code data tool ensure that clean, 
enriched data is not confined to a silo. It 
becomes available everywhere it’s 
needed, quickly and reliably. Whether it’s 
connecting to a legacy database, a cloud 
app, or a machine learning model 
endpoint, the platform acts as the glue in 
a way that abstracts the technical 
complexity for the user. This capability 
completes the picture: you’ve cleaned 
(transformed) your data, you’ve enhanced 
it (enriched), and now you distribute it to 
the right places (integrations). The end 
result is a unified, high-quality data layer 
for your organization.

Empowering teams and developers alike

The no-code approach to clean data
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These users are closest to the data’s purpose. They know what the data should look like to 
drive a campaign or a feature. With no-code tools, they can directly make adjustments 
when something is off. If a merchandiser notices that a set of products is missing a 
category needed for a holiday promotion, they can hop into the data platform and tag 
those products themselves via a visual interface, rather than submitting a ticket. This 
immediacy means business needs are addressed faster. Also, because the interface is 
code-free, these users feel more confident experimenting. They’re not afraid of “breaking 
the database” (typically, no-code tools allow previewing changes or undoing them easily). 
In essence, non-technical team members become citizen data curators, actively 
maintaining and improving data quality as part of their workflow. This also encourages 
better data ownership; teams don’t feel like data is some black box managed by another 
department, but rather something they have a hand in shaping.


It might sound counterintuitive, but taking a no-code approach can also make life better for 
the technical folks. Rather than feeling threatened that a tool is doing some of their work, 
many engineers welcome the reduction of tedious tasks. No-code data cleaning means 
developers are no longer spending days writing regex to parse messy text fields or 
maintaining spaghetti code ETL jobs for every little schema change. Instead, they can 
focus on more complex engineering challenges, building core product features, or 
developing the advanced logic that truly requires code. Also, when business users handle 
the straightforward transformations, there are fewer backlogs of requests. Developers can 
act more as consultants or enablers, helping set up the frameworks and governance in the 
no-code tool, and stepping in only for edge cases or performance tuning. In a way, the no-
code platform becomes another piece of the developer’s toolkit: they might configure 
integrations, ensure the system meets security and compliance requirements, and possibly 
extend it via APIs when needed. The heavy lifting such as scaling the data processing, 
ensuring transactions, etc. is taken care of by the platform, which is often more efficient 
and tested than a quick script one might write. As a result, technical teams see reduced 
maintenance and firefighting, as the platform provides stability and handles many issues 
automatically.



Moreover, the collaboration between business and technical teams improves. When both 
can operate in the same interface, one via drag-and-drop and one maybe via an advanced 
mode or API, there’s a single source of truth for data transformations. Everyone can see 
what rules are applied to the data. This transparency builds trust. Business users trust the 
data more because they have visibility into how it’s being cleaned or manipulated: no more 
mysterious black-box scripts. Developers trust that business users won’t break things 
because the platform safeguards the process with validations and access controls. One 
documented benefit of using intelligent data management solutions is increased 
transparency and trust: teams gain visibility into how data is transformed and used, which 
helps ensure compliance with internal standards and improves cross-team confidence.


Business users (e.g., marketers, product managers, merchandisers)

Developers and data engineers

The no-code approach to clean data
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It’s also worth noting that empowering more team members doesn’t mean chaos; 
governance features in no-code tools allow admins to set permissions, approval workflows, 
or logging so that changes can be reviewed if needed. So while many can contribute to 
data quality, it’s done in an organized way. Think of it as version control and collaboration 
for data preparation, something that was very hard to do when all changes were happening 
in ad-hoc code.



In summary, a no-code approach democratizes data quality. It pushes the capability to fix 
and improve data out to the edges of the organization where people directly see the 
problems and opportunities while relieving central IT of the sole burden of maintenance. 
The end result is a more agile, data-driven culture. Teams can iterate on ideas such as 
“Would adding this data help our AI model? Let’s try it?” without a long lead time. Clean 
data stops being a bottleneck and instead becomes an accelerator for projects. And for the 
developers, it’s like adding a high-level productivity layer on top of their work, one that 
handles the mundane so they can tackle the extraordinary.


To make this discussion concrete, let’s explore a few scenarios where a no-code data 
cleaning approach makes a tangible difference. We’ll look at examples in ecommerce/retail, 
SaaS, and media/entertainment. These are domains where data quality can greatly 
influence outcomes. In each scenario, consider how things were traditionally done and how 
they improve with a no-code toolset.

Online retailers often list thousands or 
millions of products from various sources. 
Product data might come from suppliers, 
internal teams, or user-generated content, 
leading to inconsistencies. For example, sizes 
might be listed as “M,” “Medium,” or “Med.” 
Colors might be free-form text “red,” 
“crimson,” “rd,” and some items might have 
missing fields like dimensions or material. 
With traditional methods, the ecommerce 
team might export all product data to CSV 
and manually normalize these values 
periodically, or write a script for each field’s 
cleanup. This is slow and often lags behind 
new additions.


Use cases and examples

Ecommerce product data cleanup 
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Using a no-code data platform, the merchandising team can visually define normalization 
rules. For instance, they set up a rule to standardize sizes to S/M/L by mapping all variant 
spellings to the canonical values. They might also use an AI suggestion: the tool could 
detect that “Med.” is likely the same as “Medium” and prompt the user to confirm merging 
those values. They can fill missing fields by pulling data from elsewhere. For example, if 
“material” is missing for some products, there may be a pattern they can apply—if the 
category is shoes and the material field is blank, then set the material to “leather” by 
default. This can be done with a simple conditional in the interface. The result is a cleaner, 
more complete product catalog. 



The impact is immediate on site search and navigation: customers can reliably filter by size 
or color and get correct results, and product recommendations become more accurate. 
Messy, siloed product data is one of the biggest blockers to great search and 
personalization experiences online, so cleaning that data directly translates to better 
customer experiences. For example, a retailer might use a no-code data platform to 
exclude junk and test data from search results, something that previously might have 
required a developer to add filter logic in the application. The same platform could also be 
used to tag products for seasonal campaigns so that holiday items are properly labeled and 
appear more prominently in searches during the season. These kinds of quick adjustments 
can increase the visibility of relevant products at the right times, all without a single 
engineering cycle.


Consider a SaaS company that has customer 
data across multiple systems: billing info in 
Stripe, usage data in their product database, 
support tickets in Zendesk, and marketing 
contacts in a CRM. To get a 360-degree view 
of a customer, for either analytics or 
personalized outreach, they need to merge 
and clean data from all these sources. In the 
past, this might involve a data engineer 
setting up a data warehouse and writing ETL 
jobs that join records by customer ID, handle 
duplicates, and so on. If a business analyst 
wanted a slightly different view, tough luck. 
They’d have to ask Engineering to modify the 
pipeline.


With a no-code integration and transformation tool, much of this can be done through 
configuration. The operations or growth team could use built-in connectors to pull data 
from Stripe, Zendesk, etc., into one table keyed by the customer. Using visual matching, 
they link records by matching the Stripe customer ID, for example, with the internal 
customer ID through a mapping rule. 

B2B SaaS customer data unification

The no-code approach to clean data
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The platform can highlight duplicates, say a customer has two entries due to a spelling 
difference, and let the user decide to merge them with a click.The team can also calculate 
important metrics without spreadsheets: for example, using the usage data to compute an 
“engagement score” for each customer, and adding that as a field. If certain data is 
missing, like an industry field for a company, they might enrich it via a third-party API that 
provides firmographic data based on the company domain name. This entire workflow can 
be orchestrated in the no-code tool and set to refresh daily. Now the SaaS firm has a single 
source of truth for customer data that is clean, unified, and rich in insight. The marketing 
team can confidently use it to segment customers without worrying that some entries are 
outdated or duplicated, and the customer success team can get alerts when the 
engagement score drops for any account, indicating a churn risk. The best part is that if a 
new data source comes along, like adding an events tracking system, it’s not a huge 
project to integrate. They just add another connector and map the fields, all in the same 
interface. This kind of agility can be the difference between retaining a high-value client or 
losing them due to missed signals hidden in messy data.


A media company, like a streaming service or digital publisher, deals with a lot of 
unstructured data; articles, videos, podcasts, etc., each with various metadata. To drive 
personalized recommendations or make content easily searchable, the data needs to be 
well-tagged; genres, topics, cast, keywords, etc. Traditionally, content tagging might be a 
largely manual process, with editors entering tags, or it might rely on basic scripts that tag 
content by looking for keywords, which can be crude. Both approaches can leave gaps: an 
editor might forget to tag an article with a relevant keyword, or a script might mis-tag 
something because it lacks true understanding of the content.



Using a no-code platform with AI enrichment, the media company can automate much of 
this. For example, they can use an NLP (natural language processing) integration to scan 
articles and suggest tags or summaries. With a few clicks, they enable an “auto-tagging” 
enrichment on the content field, which adds a list of keywords or topics to each article’s 
metadata. They could also integrate a service that identifies people, places, or 
organizations mentioned in the text and add those as structured data fields. For video 
content, an AI system can analyze transcripts or even the video frames to detect themes or 
objects. For example, it might flag that a cooking show video has “recipe” and “Italian 
cuisine” tags. The no-code tool can pull these results in and merge them into the content 
library. Editors still have control, as they can review and adjust tags in the interface, but the 
heavy lifting is handled by AI. Moreover, because everything is integrated, the enriched 
data flows straight into the recommendation engine or search index. Users of the media 
site then benefit from highly relevant suggestions, such as “Since you watched this 
documentary about space, here are more astronomy-related articles,” powered by the 
enriched metadata. The media company, without hiring an army of data scientists, reaches 
an Amazon or Netflix level of content understanding using off-the-shelf AI and no-code 
integration. This leads to higher user engagement and satisfaction.

Media content tagging and personalization 
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Across these examples, a common pattern emerges: what used to be hard, slow, or 
inflexible becomes easier, faster, and adaptable with a no-code approach. Companies can 
react in near real-time to data quality issues or new data opportunities. And they do so 
without risking downtime. The platform takes care of ensuring the data keeps flowing 
even as changes are made. Several early adopters have reported significant 
improvements. Since this is a relatively new concept, anecdotal evidence suggests around 
30% faster integration of new data sources and noticeable improvements in metrics such 
as search conversion and marketing campaign effectiveness after implementing no-code 
data cleaning. The reason is simple: when the underlying data becomes more reliable, the 
results improve as well, and this happens with less effort and delay.



These tools are not limited to large enterprises. Small and mid-sized businesses often 
benefit even more because they typically lack dedicated data engineering teams. A no-
code data tool can act as their data specialist in a box, guiding them through best 
practices and automating repetitive tasks. For example, a small online retailer could use it 
to regularly clean up their Shopify data and enrich it with Google Analytics insights, 
something they would not have the resources to build from scratch. This levels the playing 
field and makes high-quality data accessible to organizations of all sizes.




In the journey from raw data to meaningful outcomes, the ability to easily clean and enrich 
data has become a critical success factor. No longer can companies afford to treat data 
quality as an afterthought or something to address eventually. The pace of business, the 
expectations of customers for personalization, and the demands of AI and analytics 
systems all require that data be accurate, structured, and rich in context, and that this be 
maintained continuously, not just in one-off projects. Traditional methods of data 
preparation have struggled to keep up. But, as we’ve explored, a new path is available. By 
adopting a no-code approach to clean data, organizations can dramatically accelerate and 
improve their data quality efforts.



The no-code philosophy brings the problem-solving creativity of a much wider group of 
people to bear on data challenges. It turns data cleaning from a tedious chore into a more 
intuitive, even collaborative, process. With the right platform, anyone in the company can 
contribute to better data, just as anyone can tidy up a workspace if given the right tools. 
We used the analogy of cleaning products earlier. The no-code platform is like an intelligent 
cleaning kit for your data. It provides specialized tools: transformation, enrichment, and 
integration that are easy to use and don’t require advanced skills to apply. The real value 
comes from using these tools effectively to produce data that is trustworthy and ready to 
drive results, rather than spending time writing code from scratch to reinvent existing 
solutions.

Conclusion

The no-code approach to clean data
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Algolia’s new Intelligent Data Kit is a prime example of this paradigm in action. It 
combines a well-designed user experience with the power of artificial intelligence to 
tackle one of modern business’s most complex challenges: making sense of data. Built on 
years of experience handling data at scale, over 30 billion search records a year, across 
many industries, it brings to bear capabilities like intuitive no-code transformations and 
AI-driven enrichments exactly as described in this paper. The result is that whether 
you’re a developer, a product manager, or a content specialist, you can play a part in 
cleaning and curating the data that matters to you. The outcomes speak for themselves: 
faster time to insight, improved search relevance and personalization, reduced errors and 
compliance worries, and a more agile data-driven operation overall. 



In conclusion, achieving clean, enriched, and actionable data no longer requires an army 
of coders or a degree in data science. With the no-code approach and modern data 
tools, any organization can elevate its data quality quickly and efficiently. This shift 
replaces manual, fragmented processes with a smarter and more automated way of 
managing data. The investment in such an approach pays off in every corner of the 
business from happier customers who find what they need, to analysts who trust their 
dashboards, to engineers who can focus on innovation instead of janitorial data tasks. 
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